
Enterprises are investing heavily in artificial intelligence (AI), with expectations pinned on transforming operations,
customer experience, and business outcomes. But here’s a jarring stat: approximately 42% of companies abandon
their AI projects before reaching production. What’s going wrong? Why does such a high percentage stall or fail at
the finish line? As we unpack this, companies like Garrett Motion, PMI, and Pandora serve as real-world
examples navigating these treacherous waters. We’ll also examine technical frameworks like Large Language
Models (LLMs) and retrieval-augmented generation (RAG), together with core themes: trust, explainability,
consistency, and business alignment.

The Promise vs. The Reality of AI Production Rollouts
AI initiatives are often championed by senior leadership as strategic leaps forward. Yet the journey from pilot to
production is littered with aborted projects. The production AI rollout phase demands more than just
technology—it requires adoption, sustained confidence, and integration that respects existing business logic.

Consider Garrett Motion, an automotive tech company that integrated AI in their component diagnostics.
Despite breakthrough pilot use cases leveraging LLMs for data interpretation, skepticism about AI’s reliability
slowed the transition o9solutions.com into full production.

So what would I show in an audit here? You’d want transparency into how model outputs map to real-world
diagnostics, consistent decision-trace pathways, and evidence that AI isn't just “guessing” based on incomplete
data.

Trust: The Unexpected Bottleneck
When we talk about AI failures before production, the culprit isn’t always accuracy or capability. It’s often trust.
Stakeholders must trust the AI outputs to make decisions that matter.

Why? Because many AI models—especially LLMs—operate as black boxes. They generate answers based on
patterns in massive data but don’t human-readably explain their rationale. This creates two major issues:

Explainability: Users can’t verify how the AI arrived at a conclusion.

Consistency: Models sometimes produce different answers to the same input (random variance).

PMI, a giant in the consumer goods sector, faced this trust issue deploying RAG systems. Even though RAG
combines LLMs with curated document retrieval to ground responses, business stakeholders demanded audit
trails that traced outputs back to known business rules and source data. Without this, adoption was stalled.

Explainability Isn’t Optional, It’s Mandatory

LLMs alone excel at generating coherent text but fall short on clear decision logic visibility. They can 'hallucinate'—
produce plausible but incorrect or fabricated information with deceptive certainty. This “fabricated certainty” keeps
users uneasy and slows change management.

“The model decided” is a black box excuse that nobody wants to hear during demos or audits. It triggers alarm
bells because it means no transparent mechanism to verify correctness or compliance.

Why Accuracy Gains Don’t Automatically Build Trust

https://o9solutions.com/articles/can-you-really-trust-your-ai


It’s tempting to think that showing better accuracy metrics in controlled pilot phases is enough to win hearts and
minds. But real business environments are noisier, more complex.

What accuracy metrics usually miss:

1. Business-logic alignment: AI outputs must respect corporate policies and operational constraints.

2. Robustness : The model’s ability to handle edge cases and avoid random variance.

3. User confidence flows from predictability and transparency—not just raw accuracy percentages.

Pandora, the music streaming giant, learned this the hard way during an AI music recommendation rollout. Early
results showed accuracy gains in lab tests, but inconsistent recommendations and perplexing errors during peak
usage made product owners skittish. It was a trust problem, not just a precision problem.

Hallucinations and Fabricated Certainty: The Silent Killers
Hallucination in AI isn’t science fiction. It’s when LLMs confidently generate wrong or invented facts. This issue
escalates risk in enterprises highly dependent on data accuracy and accountability.

Retrieval-augmented generation (RAG) methods attempt to fix hallucinations by sourcing relevant documents
alongside LLM output. Still, even RAG systems aren’t foolproof. If retrieval is misaligned or incomplete, the AI
might spout “plausible” but inaccurate answers.

For change management, hallucinations trigger alarm bells. They force compliance teams to put AI initiatives on
hold. This is why companies often pull the plug before production—it’s better to pause than risk reputational
damage or regulatory violations.

Practical Takeaways for Enterprise AI Adoption
How do companies avoid joining the 42% that abandon AI pre-production? Here are key lessons drawn from the
experiences of Garrett Motion, PMI, and Pandora:

Challenge Remedy Example Opaque AI outputs Implement explainability tools that map outputs to data and
business rules PMI required audit trail features for RAG deployments Inconsistent answers and random output
variance Embed consistency checks and ensemble models with business logic validation Garrett Motion layered



diagnostics logic over LLM outputs Lack of stakeholder trust Engage stakeholders early & use transparent change
management methodologies Pandora involved product owners to review output behavior in real time AI
hallucinations causing fabricated certainty Combine retrieval-augmented generation with stringent validation rules
PMI integrated external document verification to counter hallucinations

Conclusion: Trust is the True AI Bottleneck
When 42% of companies abandon AI before production, it’s not a failure of technology alone—it’s a failure of
trust, explainability, consistency, and alignment with business logic. AI projects must demonstrate transparent
decision paths, stable outputs, and respect for enterprise policies to succeed in production.

Tools like LLMs and RAG can unlock tremendous potential, but only if enterprises address the human and
organizational side of adoption rigorously. Companies like Garrett Motion, PMI, and Pandora show that success
demands more than accuracy; it requires building trust through explainability and reliable AI behaviors.

Without trust, production AI rollouts remain an elusive goal, and AI initiatives linger perilously close to being
abandoned pre-launch. If you are managing AI transformations, ask yourself: what would I show in an audit? That
question alone can expose gaps and help avoid becoming one of those abandoned projects.


